Theorem: Proof that $1 = 1 cent
a cat has nine tails.

oot $1 =100 cents
No cat has eight tails. A = (10 cents)?

cat has one tail more = ($0.1)2

therefore, a cat has = $0.01

than no cat
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Last time: Multiplying matrices/vectors

a a B | i i
a4 A b, b, , €21 Cap

mxa_ X p mx p

Must be same!
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Systems of equations Ax = b

a, a, X, bl
[4) [4)
21 on
. ol 2 | b,
aml amn
xl’l bm
mxn nxl mx1

# equations/ # unknowns
measurements



Last time: Row view

Rows represent how much the variables affect a particular measurement.

[an X, +a”_xz i—---aH“l = b|]
a a
21 2n | | x b
a a : : | |
ml mn -
xn bm [dm?:t Tamzzé',% oo QmpXn© bm]




Last time: Column view

Columns represent how much a particular variable affects all measurements.

a, a, X, bl
a a
21 2n
. X | b,
aml amn b
Xl O .

- - X, tx,a,t.txa =p
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Linear Combination of & vectors
weighted by the unknowns!




Linear combinations
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Linear combinations

Any scaling or addition of vectors
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a,a, + a,a, + ...+ a,,d, is called a linear combination of the a-vectors

Example: what are some linear combinations of X, ={
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